# This Python 3 environment comes with many helpful analytics libraries installed
# It is defined by the kaggle/python Docker image: https://github.com/kaggle/docker-python
# For example, here's several helpful packages to load

import numpy as np # linear algebra
import pandas as pd # data processing, CSV file I/0 (e.g. pd.read csv)

# Input data files are available in the read-only "../input/" directory
# For example, running this (by clicking run or pressing Shift+Enter) will list all files under the input direc

import os
for dirname, , filenames in os.walk('/kaggle/input'):

for filename in filenames:
print(os.path.join(dirname, filename))

# You can write up to 20GB to the current directory (/kaggle/working/) that gets preserved as output when you c
# You can also write temporary files to /kaggle/temp/, but they won't be saved outside of the current session

/kaggle/input/spotify-dataset/data/data by year.csv
/kaggle/input/spotify-dataset/data/data by genres.csv
/kaggle/input/spotify-dataset/data/data w genres.csv
/kaggle/input/spotify-dataset/data/data by artist.csv
/kaggle/input/spotify-dataset/data/data.csv

import os
import numpy as np
import pandas as pd

import seaborn as sns

import plotly.express as px
import matplotlib.pyplot as plt
%smatplotlib inline

from sklearn.cluster import KMeans

from sklearn.preprocessing import StandardScaler
from sklearn.pipeline import Pipeline

from sklearn.manifold import TSNE

from sklearn.decomposition import PCA

from sklearn.metrics import euclidean distances
from scipy.spatial.distance import cdist

import warnings
warnings.filterwarnings("ignore")

data = pd.read csv("/kaggle/input/spotify-dataset/data/data.csv")

genre data = pd.read csv("/kaggle/input/spotify-dataset/data/data by genres.csv")
year data = pd.read csv("/kaggle/input/spotify-dataset/data/data by year.csv")

from yellowbrick.target import FeatureCorrelation

feature names = ['acousticness', 'danceability', 'energy', 'instrumentalness',
'liveness', 'loudness', 'speechiness', 'tempo', 'valence', 'duration ms','explicit', 'key', 'mode','year"']

X, y = data[feature names], data['popularity']

# Create a list of the feature names
features = np.array(feature names)

# Instantiate the visualizer
visualizer = FeatureCorrelation(labels=features)

plt.rcParams['figure.figsize']=(20,20)
visualizer.fit(X, y) # Fit the data to the visualizer
visualizer.show()
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